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1. Introduction
This study investigates the factors determining the allocation of aggregate personal sector
wealth in the UK across five broad asset categories: net financial wealth, housing (and
durable assets) wealth, state pension wealth, private pension wealth, and human capi-
tal1, using a version of [19]Deaton and Muellbauer’s (1980) AIDS model that has been
developed for modelling financial assets, the FAIDS model.23
The portfolio weights of the five asset categories for the period 1948-1994 are shown in
Figs. 1.1 - 1.3. The weight in net financial assets (F in Fig. 1.1) fell steadily during the
50s and 60s from a high point of 12% to around 3%, at which level it remained throughout
the high-inflation 70s and 80s, before rising to above 4% in the 90s as inflation subsided.
The weight in housing (and durable assets) wealth (H) has been on a rising trend since
the late 50s, and the impact of the three housing booms of the early and late 70s and late
80s is clearly discernible. Fig. 1.2 shows the growing importance in total wealth of the
value of accrued pension rights. The share of state pension wealth (S) in 1948 was about
2.5%, but it rose steadily if unevenly until the mid 70s4, after which it flattened out at
about 6% of total wealth. The growth rate in the share of private pension wealth (P ) has
been even greater than this, with the share rising over the period from less than 1% to 6%:
the effect of the growth in membership in these schemes from the mid 70s is particularly
noticeable. The combined weight of these four asset categories never amounted to more
than 25% of total personal wealth over the sample period. Fig. 1.3 explains why. The
share of human capital (the expected discounted value of career earnings, L) has never
fallen below 75% of total wealth throughout the post-war period. It reached a peak of
81% in 1976 (largely explained by the collapse of the London stock market two years
earlier), but subsequently fell steadily to around 75% by the end of the period.
Figs. 1.4 - 1.5 shows the real returns on these asset categories. The average annual
real return on net financial wealth was 1.6% with a standard deviation of 14.7% (see Table
5.4). The extent of this volatility is clearly observable from Fig. 1.4 (see F ), especially
around the time of the stock market collapse and recovery in 1974-75. The average real
return on housing (and durable assets) wealth was 0.2% with a volatility of 8.3%. The
depreciation on durable assets means that the return on durable assets is always negative
and this helps to bring down the average return for this combined asset category: the
1The data for the first four categories were constructed in [14]Blake and Orszag (1999), while the data
on human capital and the returns on all the asset categories are constructed in the appendix to this paper.
2This model has been used by [2][3][4]Barr and Cuthbertson (1991a,b,1994) to study the demand
for financial assets by different groups of investors and by [20]Dinenis and Scott (1993) to examine UK
pension funds’ portfolio composition.
3The original intention of this study was to estimate portfolio share equations derived from
[33][34]Merton’s (1969, 1971) continuous time model, since the consumption equation from Merton’s
model had been successfully estimated in a companion study ([13]Blake (forthcoming)). However, the
coefficients of the model are complex functions of preference parameters and the first two moments of
the asset return distribution and these could not be identified separately. Further, Sargan’s likelihood
test (see [43]Pesaran and Pesaran (1997)) favoured the AIDS model (the difference in likelihoods is 3.5).
There are other reasons for rejecting the Merton model in favour of the AIDS model: estimates of long-run
elasticities were implausibly high, and there was evidence of serial correlation and predictive failure in
most of the equations.
4The jagged nature of the rise is explained by the fact that the value of the basic state pension was
uprated only periodically during this period.
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average real return on housing itself was very high over the sample at 6%. Fig. 1.5 shows
that real returns available on state pensions (S ) were both very high and stable over the
period, with an average return of 10.5% and a standard deviation of just 0.8%. The real
returns on private pension schemes (P ) were also very high at 9.1%, but their volatility
at 2.4% was higher because the defined contribution component of this category involves
investments such as equities that are similar to those of net financial assets, although
the defined benefit component which is linked to more stable earnings growth helps to
attenuate the volatility. The high real returns to membership of UK pension schemes
arises from a combination of tax relief on both contributions and investment returns and
from the fact that a proportion of the total contributions is paid by the employer. Human
capital was constructed using an assumed real discount rate of 3% p.a.5
What explains the changes in portfolio weights over the post-war period? Do the high,
stable returns on housing wealth explain the shift away from financial assets or are wealth
effects more important? To what extent are financial assets and housing complements?
To what extent are housing and pension wealth substitutes during an individual’s retire-
ment phase? Do liquidity constraints and other capital market imperfections affect the
asset allocation? Do other variables such as demographic factors, labour market status,
and spillovers from other sectors of the economy have a significant impact? Some asset
categories involve mandatory participation (e.g., the basic state pension scheme) or con-
tractual obligations (e.g., once someone has joined an occupational pension scheme) or are
very slow to adjust over time (e.g., human capital). Do these restrictions on disposability
limit the ability of individuals to alter their holdings in other asset categories in order to
achieve the desired portfolio weights in all categories? We attempt to address questions
of this kind in the remainder of this paper. Section 2 develops the theoretical models,
while section 3 discusses the empirical results. Section 4 concludes, and an explanation
of how the data were constructed is given in section 5.
2. The FAIDS Model of Portfolio Composition
In the FAIDS model, the objective of a representative agent is to6:
Max U (θ1tWt, ..., θNtWt) (2.1)
subject to a budget constraint:
W t+1 =
N∑
i=1
(1 + rit)θitWt (2.2)
where bars over variables indicate expected values and where:
U(.) - utility function
Wt - real wealth at time t
θit - weight in the portfolio of the i
th asset category at time t
rit - real return on the i
th asset category at time t
5This is the discount rate assumed by the Government Actuary’s Department in its calculations of the
accrued value of state pension rights.
6The utility function (2.1) is time-separable and the moments of the distribution functions generating
asset real returns in (2.2) are assumed to be time-invariant. These assumptions are necessary to derive
a tractable FAIDS model (see, e.g., [20]Dinenis and Scott (1993)). The validity of the assumption of
time-invariant moments is assessed below.
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N - number of asset categories in the portfolio.
However, rather than maximise the expected utility function in (2.1), Deaton and
Muellbauer suggest minimising the associated cost function. Using a PIGLOG functional
form for this cost function leads to optimal (long-run) portfolio weights of the form7:
θ∗it = a
∗
i + b
∗
i `nWt + b
∗
i `n(1 + rWt) +
N∑
j=1
c∗ij`n(1 + rjt) (2.3)
where rWt is an index measure of the total return on assets defined by:
`n(1 + rWt) = a
∗
0 +
N∑
j
a∗j `n(1 + rjt) +
1
2
N∑
i=1
N∑
j=1
c∗ij`n(1 + rit)`n(1 + rjt). (2.4)
Given the low order of magnitude of rit, the cross-product term in (2.4) will be negligible
and can be dropped. In addition, if we set a∗0 = 0 and a
∗
j = θj , then rWt is the expected
return equivalent of the Stone index, i.e., the value-weighted average expected return on
assets held in the portfolio.
The standard FAIDS model predicts that the optimal portfolio weights are linear in
the logarithms of total wealth and expected real asset returns, with no other variables
predicted to have any significance. In practice, however, we must allow for the following
possibilities. Since the capital markets are not perfect, individuals may be liquidity-
constrained and these constraints may change over time as a result of, say, financial
deregulation. Other variables, apart from wealth and asset expected returns may influence
the portfolio weights. Finally, individuals are unlikely to be holding optimal portfolios
at all times, and there will be costs both of adjusting actual portfolios towards optimal
portfolios and of being away from optimal portfolios.
We account for these possibilities in the following ways:
• Income effects. The effect of liquidity constraints is to introduce current income into
the portfolio shares equation, just as it does in the consumption function ([24]Flavin
(1985), [49]Zeldes (1989)). Some investigators have included the standard deviation
of current income (YVOL), since uncertainty about income can reduce consumption
and increase precautionary asset holdings ([46]Skinner (1988), [15]Caballero (1990),
[28]Hendry (1994)). Following [28]Hendry (1994, eqn (8)), we estimated YVOL as
the absolute value of the residuals in the following regression equation:
∆`nYt = 0.0214
(2.52)
+ 0.4731
(2.74)
∆`nYt−1− 0.3117
(2.15)
∆`nPt
+ 0.1717
(1.10)
∆`nPt−1− 0.2260
(2.13)
`nY Dt−1
R
2
= 0.39, DW = 1.80, serial correlation χ2(1) = 1.99, functional form χ2(1) = 1.74,
normality χ2(2) = 10.58, heteroscedasticity χ2(1) = 1.77, where Y is real income,
P is the price level and `nY D is the deviation of `nY from a linear deterministic
7For a derivation of (2.3), see, e.g., [2]Barr and Cuthbertson (1991) or [20]Dinenis and Scott (1993).
Note, however, that these authors, in order to preserve the original AIDS specification, work with the
log expected prices of financial assets, which are defined as `nP jt = `n(1/(1 + rjt)) = −`n(1 + rjt),
whereas (2.3) works directly with the log expected returns.The coefficients in (2.3) and (2.4) should be
interpreted accordingly. Further note that the second and higher moments of the asset return distributions
are subsumed in the intercepts of (2.3) and (2.4); the validity of this restriction is tested below.
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trend. Others have included the inflation rate, because ‘nominal rather than real
interest rate payments are considered to be income in the national accounts, hence
in inflationary times consumers are forced to increase saving simply to keep their
debt position stable’ ([8]Bayoumi (1993b, p.1434)). [29]Hendry and von Ungern-
Sternberg (1981) and [28]Hendry (1994) use a variable that results from multiplying
the value of liquid assets by the inflation rate (
.
PF ). A high value for
.
PF could have
the following effects: it might induce individuals to increase their savings in order
to maintain the real value of their liquid assets, it might encourage them to increase
current consumption to avoid paying higher prices in the future, or it might induce
them to switch into assets that are better inflation hedges. The first two effects
influence total wealth as well as its composition, while the third influences only the
composition.
• Financial deregulation. The late 1970s and 1980s was a period of substantial fi-
nancial deregulation and increasing competition between financial institutions. The
effect of financial deregulation on the relaxation of liquidity and capital market
constraints has been investigated by a number of authors, e.g. [32]Manchester
and Poterba (1989), [10]Bayoumi and Koujianou (1991), [16]Campbell and Mankiw
(1991),[35] Miles (1992), and [7] [8]Bayoumi (1993a,b). Most of these studies con-
cluded that liquidity constraints had an important impact on consumption in the
1970s but, by the end of the 1980s, this impact had largely vanished except in the
case of Japan. There have been no similar studies of the impact of financial deregu-
lation on the broad asset allocation of the personal sector. As a proxy for financial
deregulation, [7][8]Bayoumi (1993a,b) used the ratio of total outstanding consumer
credit to GDP, transformed to equal 0 in 1975 and 1 in 1988 (FINDREG) on the
grounds that ‘since consumer credit is used to finance deviations of consumption
from income, this ratio is a useful measure of the extent to which consumers are
using credit markets to smooth consumption’ ([8]Bayoumi (1993b, p.1435).8
• Life cycle factors. The system (2.3) explains the optimal portfolio behaviour of
an infinitely-lived representative agent with no bequest motive. In this framework,
the portfolio composition is independent of the individual’s age. Different inves-
tigators have accounted for life cycle factors in a variety of ways. Some include
the proportions of the population who are respectively young (the youth depen-
dency ratio (YOUTHDR)) and old (the elderly dependency ratio (AGEDR)) (e.g.
[37]Modigliani (1970), [23]Feldstein (1980) and [36]Miles and Patel (1997)). Others
include life expectancy (LIFEXP) (e.g. [26]Hamermesh (1985)).
• Labour market status. Clearly an individual’s labour market status (employed
or unemployed, in work or retired) can affect asset allocation. [16]Campbell and
Mankiw (1991), for example, test whether the increase in unemployment (UN ) in
the 1980s might have tended to counteract the positive impact of financial deregu-
lation. However, not everyone who is not in work is registered as unemployed. An
alternative measure that can be used is the labour force participation rate (LABPR).
Other investigators have included either the retirement age (e.g. [39]Munnell (1974),
[18]Crawford and Lilien (1981)), or the labour force participation rate of the elderly
(AGEPR) ([23]Feldstein (1980)).
8Other measures have been used such as the index of financial deregulation developed by [38]Muellbauer
and Murphy (1993).
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• Spillover effects from other sectors. Some investigators have included the savings of
the corporate (SC ) and government (SG) sectors since these might be substitutes
for personal sector asset holdings ([22]Feldstein (1974, who uses corporate retained
earnings), [5][6]Barro (1974, 1978, who uses the government surplus), [9]Bayoumi
(1995), [36]Miles and Patel (1996)). Another possibility is to include the surplus
in occupational pension schemes (SURPLUS ), on the grounds that some of the
surplus might be shared with pensioners, but in any event increases the wealth of
the shareholders of companies running surpluses.
• Asset return volatilities. Second-moment or risk terms, because they are subsumed
in the constant terms, have a ‘fixed effect’ in the FAIDS model. To test the validity
of this, we included the separate standard deviations of asset returns, approximated
by the absolute value of the residuals from first-order autoregressive processes for
asset returns9.
• If these additionalM variables are denoted by Zjt, the long-run FAIDS model (2.3)
becomes:
θ∗it = a
∗
i + b
∗
i `n (Wt(1 + rWt)) +
N∑
j=1
c∗ij`n(1 + rjt) +
M∑
j=1
h∗ijZjt. (2.5)
• Dynamic adjustment. First we express (2.5) in matrix notation:
θ
∗
t = Π
∗xt (2.6)
where θ∗t is the N×1 vector of optimal portfolio weights, xt is the (N +M+2)×1
vector of explanatory variables and Π∗ is a conformable matrix of long-run coef-
ficients. We assume that the representative individual will choose actual portfolio
weights to minimise the following quadratic cost function10, subject to the additivity
constraint ι
′
θt = 1, where ι is the unit vector:
Min
θt
1
2
{
(θt − θt−1)
′
Ψ (θt − θt−1) + (θt − θ
∗
t )
′
Ω (θt − θ
∗
t )
}
. (2.7)
The first term represents the cost of adjusting actual portfolio weights over time,
while the second term represents the cost of actual weights deviating from optimal
weights. The solution to (2.7) is the partial adjustment model11:
θ̂t = Λ̂θ̂
∗
t − (I− Λ̂)θ̂t−1 (2.8)
= θ̂
∗
t − Λ̂
−1(I− Λ̂)∆θ̂t (2.9)
9This is the simplest model allowing for time-varying volatilities. More sophisticated models would
allow for GARCH effects. However, tests reported below indicate that time-varying volatilities from the
simple model did not have a statistically significant impact on determining optimal portfolio weights, so
further experimentation using more sophisticated models was abandoned.
10A generalisation of [17]Christofides (1976), see, e.g., [42]Pesaran et. al. (1998, p.52).
11The partial adjustment model dates back at least to Stone and Rowe (1958). The version used
here can be rewritten as a generalised equilibrium correction model with common short-run and long-
run adjustment coefficients Λ̂: ∆θ̂t = Λ̂∆θ̂
∗
t − Λ̂(θ̂t−1 − θ̂
∗
t−1). It is important to reiterate that all the
dynamic adjustment in the FAIDS model comes from the slow adjustment of the actual portfolio towards
the optimal portfolio in the face of an unchanging investment opportunity set.
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where ∆ is the difference operator (1 − L), I is the ((N − 1) × (N − 1)) identity
matrix, and Λ̂ is the following matrix Λ of adjustment coefficients with the last
(N th) row and column deleted:
Λ = Φ−
ΦΩ−1ιι
′
Φ
ι
′ΦΩ−1ι
(2.10)
and
Φ = (Ω+Ψ)
−1
Ω. (2.11)
The hatted vectors in (2.8) also indicate the removal of their last row in order to avoid
the singularity discussed by [1]Anderson and Blundell (1982): since ι
′
(θt−1−θ
∗
t−1) =
0, only (N − 1) disequilibrium shares are needed in (2.8). Substituting Π̂∗xt (where
Π̂∗ is Π∗ with the last row deleted) into (2.8) yields the short-run portfolio weight
equations for the FAIDS model, with short-run adjustment coefficients Λ̂Π¯∗. Eqn
(2.9) is the [11]Bewley(1979) transformation which allows the long-run coefficients
Π∗ to be estimated directly12. The model is dynamically stable if the eigenvalues
of Λ̂ have modulus less than unity.
Each equation in (2.8) contains the lagged portfolio weights of all the other equations
(except for the deleted one), allowing for the possibility of the following kind of
spillover effect between asset categories: investment in human capital has an indirect
effect in raising pension wealth, since it leads to higher future earnings (see, e.g.,
[31]Johnson (1996))13.
The restrictions implied by demand theory in the FAIDS model can be considered as
follows. Adding up requires:
N∑
i=1
a∗i = 1,
N∑
i=1
c∗ij = 0,
N∑
i=1
b∗i = 0,
N∑
i=1
h∗ij = 0. (2.12)
This can be imposed by dropping one equation and inferring its parameters from (2.12).
Homogeneity requires:
N∑
j=1
c∗ij = 0. (2.13)
Symmetry requires:
c∗ij = c
∗
ji. (2.14)
The wealth elasticity of demand, ηiWt (= (∂Qi,t+1/∂Wt)/(Wt/Qi,t+1)), can be found
from the relationship P i,t+1Qi,t+1 = (1 + rit)θitWt (where P i,t+1 and Qi,t+1 are respec-
tively the expected price and number of units held of asset i at time t+ 1):
ηiWt =
[
∂θit
∂Wt
(1 + rit)Wt
P i,t+1
+
(1 + rit)θit
P i,t+1
]
Wt
Qi,t+1
12It is derived by subtracting (I− Λ̂)θ̂t from each side of the first row of (2.7) and rearranging.
13The approach taken here involves short-run dynamic adjustment to the optimal long-run portfolio
weights. A different modelling framework has been proposed by [45]Ray (1984). He uses a dynamic
PIGLOG cost function which includes lagged portfolio weights and assumes short-term myopic optimi-
sation by a representative agent. This model is employed by [48]Weale (1986) for example. The two
approaches lead to precisely the same estimation equation. Only the interpretation of the coefficients
on the lagged portfolio weights differ. In the model used here these coefficients depend on the dynamic
adjustment parameters while in Ray’s case they measure the degree of habit persistence.
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=
∂`nθit
∂`nWt
+ 1
=
b∗i
θit
+ 1. (2.15)
The uncompensated interest rate elasticity of demand, eijt (= (∂Qi,t+1/∂(1+ rjt))/((1 +
rjt)/Qi,t+1)), is given by:
eijt =
[
∂θit
∂(1 + rjt)
(1 + rit)Wt
P i,t+1
+
∂(1 + rit)
∂(1 + rjt)
θitWt
P i,t+1
]
(1 + rjt)
Qi,t+1
=
∂θit
∂`n(1 + rjt)
1
θit
+ δij
=
c∗ij
θit
+ δij (2.16)
where δij is the Kronecker delta. We assume in (2.16) that (a) becauseWt is beginning of
period wealth, there is no interest rate effect on wealth, and (b) the expected real yields on
different assets are independent of each other. The corresponding compensated elasticity
is given by:
e∗ijt = eijt + ηiWtθjt. (2.17)
The elasticities with respect to the additional regressors Zjt are given by:
ξijt =
h∗ij
θit
zjt (if Zjt is in levels) (2.18)
=
h∗ij
θit
(if Zjt is in the form `nZjt).
3. Estimates of the Model
The estimated equations are based on the following versions of (2.8) and (2.9):
θit = ai +
N−1∑
j=1
λjθj,t−1 +
K∑
s=0
bis`n (Wt−s(1 + rWt−s)) (3.1)
+
K∑
s=0
N−1∑
j=1
cijs`n(1 + rj,t−s) +
K∑
s=0
M∑
j=1
hijsZj,t−s + uit
and
θit = a
∗
i +
N−1∑
j=1
λ∗j∆θj,t−1 + b
∗
i `n (Wt(1 + rWt)) +
N−1∑
j=1
c∗ij`n(1 + rjt) (3.2)
+
M∑
j=1
h∗ijZjt +
K∑
s=1
b∗is∆s`n (Wt(1 + rWt)) +
K∑
s=1
N−1∑
j=1
c∗ijs∆s`n(1 + rjt)
+
K∑
s=1
M∑
j=1
h∗ijs∆sZjt + u
∗
it
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where∆s is the difference operator (1 − L
s). We assume that the representative agent
forms expectations rationally, so that expected returns are replaced by contemporaneous
returns and the orthogonal expectation errors are subsumed in the equation residuals.
To account for adding up, we drop the equation relating to human capital. In addition,
since human capital was estimated under the assumption of a fixed internal rate of return
of 3%, there are only N − 1 time-varying returns (and standard deviations) in (3.1) and
(3.2): the intercepts are augmented by ciN `n(1.03).
Eqns (3.1) and (3.2) are linear VARs and, in principle, can be estimated using the
’long-run structural modelling’ approach outlined in [44]Pesaran and Shin (1997, section
5). This approach differs from the conventional ’empirical identification’ approach of,
e.g., [30]Johansen (1995), by recognising that the long-run restrictions implied by the
underlying economic theory are a useful aid to identification. For example, in the case of
(3.2), economic theory provides us with the following information: the current values of the
portfolio weights, asset returns and total wealth are jointly endogenous, whereas the Zjt
are (weakly) exogenous; there is no contemporaneous simultaneity between the portfolio
weights; and there are long-run restrictions on the parameters implied by homogeneity
(2.13) and symmetry (2.14). Pesaran and Shin show that the original Cowles Commission
approach to identification and estimation can be rescued from the current domination of
the purely statistical approach of Johansen and others. Their estimation procedure can be
implemented using Microfit 4.0 ( [43]Pesaran and Pesaran (1997)), but is practicable only
if the number of parameters to be estimated is small. Unfortunately, (3.1) and (3.2) could
not be estimated in Microfit 4.0 for two reasons: there were too many parameters and
the systems turned out not to be VARs, since different sets of variables were statistically
significant in different equations. The procedure we adopt here maintains the spirit of the
Pesaran and Shin approach, but instead uses three-stage least squares to estimate both
(3.1) and (3.2)14 15 16.
Table 3.1 presents the statistically significant impact elasticities and the diagnostic
test statistics for the short run model (3.1), based on four portfolio weights and their cor-
responding real rates of return (net financial wealth (θF , rF ), housing (and durable assets)
wealth (θH , rH), state pension wealth (θS , rH), and private pension wealth (θP , rH))
17.
14Note that these equations contain the (N − 1) cointegrating vectors that are of economic interest,
namely the (N − 1) optimal portfolio weight equations, see θ̂
∗
t = Λ̂
∗xt in (2.8) or (2.9).
15The instrument set contained the current and lagged values of the weakly exogenous regressors and
the lagged values of the endogenous regressors.
16Three-stage least squares is also the appropriate estimation technique when the representative agent
has rational expectations over the contemporaneous returns on assets in (3.1) and (3.2): the unobserved
expected returns are replaced by the actual returns and instrumented and the white noise expectation
errors are relegated to the equation error ([12]Blake (1991)).
17The original intention of this paper had been to model the four pension schemes operating in the
UK separately. [14]Blake and Orszag (1999) present estimates of the values of the accrued rights in the
two state schemes (the basic state pension and the state earnings-related pension (SERPS) schemes) and
the two classes of private schemes (occupational and personal pension schemes). SERPS began in 1978
and personal pension schemes began in 1988, although they had a precursor in the form of retirement
annuity contracts issued by insurance companies for the self-employed from 1956. Attempts to model
the factors explaining the portfolio weights of the four schemes separately were unsuccessful. To avoid
discarding observations, we made the assumption that the two assets that were introduced part of the way
through the sample period were in fact available for the whole period but subject to a form of truncation
during the years prior to their introduction known as the sample selection problem. This problem was
first addressed by [27]Heckman (1979) who designed a two-stage estimation process that yields consistent
estimates of the equation parameters. At the first stage, a probit model of the portfolio share equation
is estimated by maximum likelihood, with the dependent variable set to zero for years prior to the
introduction of the asset, and unity otherwise. Using these estimates, the hazard rate is constructed.
Modelling the Composition of Personal Sector Wealth in the United Kingdom 9
The coefficients of the residual equation for human capital (θL) were calculated to ensure
adding up (2.12). While the final set of equations was estimated using three-stage least
squares, the specification for each equation was derived on the basis of single equation
instrumental variables. We adopted the rule of including only those explanatory variables
for which t > 2 (unless this led to one or more of the diagnostic test statistics moving into
the rejection region), though in the final specification, the t-ratios are usually significant
at higher than the 5% level. This general-to-specific methodology led to each equation
having a different set of significant explanatory variables: a Wald test (χ2(35, 49.8) = 32)
indicated the rejection of the hypothesis that there is a common set of explanatory vari-
ables, and by implication the VAR version of (3.1). A Wald test for the exclusion of
four time-varying standard deviations of asset returns from each of the four portfolio
weight equations produced a test statistic of χ2(16, 26.3) = 22.8, indicating that we can-
not reject the hypothesis that asset return volatilities were not important for determining
the composition of personal sector wealth in the UK over the sample period18. How-
ever, a Wald test for the exclusion of all the exogenous variables (Zjt) indicates rejection
(χ2(68, 88.2) = 2825), thereby rejecting the simple version of the FAIDS model (2.3) in
favour of the more general model (3.1), but with the exclusion of time-varying asset return
volatilities. Apart from this, the diagnostic test statistics indicate that the residuals from
the four estimated equations are serially uncorrelated, normally distributed, stationary
and homoscedastic.
The key results from this table are as follows. Housing (and durable assets) and
state pension wealth have unit impact elasticities with respect to wealth, whereas net
financial wealth and private pension wealth are wealth-normal, while human capital is a
wealth-luxury. Own-rate elasticities equal or exceed unity, and approach 2 in the case
of housing (and durable assets) and private pension assets. Turning to the cross-rate
elasticities, we note that positive elasticities denote complements and negative elasticities
denote substitutes. The only clearcut result is that net financial wealth and state pension
wealth are short-run complements. There are sign differences between all the other asset
pairs and we should not be surprised to find (as we do below) that short-run symmetry is
rejected. Five of the exogenous variables discussed in section 2 above have no impact effect
at all on asset allocation: income (Y ), financial deregulation (FINDREG), the labour
force participation rate (LABPR), corporate savings (CS ), and pension fund surpluses
(SURPLUS )19.
At the second stage, the hazard rate is included as a separate regressor in the equation explaining the
portfolio weight. The effect of this is to normalise the mean of the equation residuals at zero, so that the
equation estimates will also be consistent, although the standard errors will be biased. However, when the
system of equations was estimated by three stage least squares using Limdep ([25]Greene (1995)), there
were signs of multicollinearity and standard errors were not produced. The problem of multicollinearity
could only be removed by aggregating the following pairs of variables: the basic state pension and SERPS
assets, occupational and personal pensions, and housing and durable assets.
18In other words, the allocation of wealth across the very lumpy asset classes considered in this study
is dominated by first-moment terms.
19The other exogenous variables have the following impact effects. Greater income uncertainty (YVOL)
causes individuals to reduce their weighting in all asset categories, except human capital. The inflation
loss on financial assets (
.
PF ), while having no immediate effect on financial asset holdings, induces a
short-run switch away from personal pension assets towards state pension assets and human capital. An
increase in the youth dependency ratio (YOUTHDR) induces a switch away from human capital towards
state pension wealth, and an increase in the age dependency ratio (AGEDR) causes a switch away from
state pension wealth and human capital towards net financial assets, while increasing life expectancy
(LIFEXP) has the opposite impact effect. A rise in unemployment (UN ) induces a switch away from
net financial assets and human capital towards pension assets, while a rise in the age participation rate
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Table 3.2 presents the results from testing the restrictions of demand theory. The re-
strictions of homogeneity (2.13) and symmetry (2.14) separately and together are rejected
in the case of the short-run demand system (3.1). However, when these restrictions are
tested in the long-run demand system (3.2), they cannot be rejected.
Table 3.3 presents the long-run elasticities for the FAIDS model (3.2), with homo-
geneity and symmetry imposed. Unlike the impact elasticities, the quantity held in the
long run of each asset category is, in principle, influenced by the full set of explanatory
variables, as a result of each equation’s dependency on the lagged portfolio weights of all
other assets. We find that only two of the variables discussed in section 2 above, namely
the indicator of financial deregulation (FINDREG) and the labour force participation
rate (LABPR), do not have a statistically significant impact in at least one equation of
(3.2). However, a comparison between Tables 3.1 and 3.3 shows some striking differences
between the impact and long-run elasticities, in terms of both sign and size.
Of particular importance are the long-run wealth elasticities. Net financial wealth is
a wealth-inferior asset, with a long-run elasticity of -3. The pension assets have long-
run wealth elasticities that do not differ significantly from unity. Human capital and
housing (and durable assets) are wealth-luxuries, with the latter category having a long-
run elasticity of 3. Turning to the interest rate elasticities, we find that all the own-rate
elasticities are positive and, with the exception of housing, exceed unity. The long-run
symmetry restrictions indicate that: net financial assets complement all other assets,
except state pension assets; housing (and durable assets) complement private pension
assets, but are a substitute for state pension assets; state pension assets are long-run
substitutes for all other assets, in particular, private pension assets; and private pension
assets complement other categories, apart from state pensions.
The exogenous variables have the following long-run effects. While having no short-
run effect, income (Y ) has a statistically significant long-run effect on net financial assets
and human capital. The first asset is a strong income-luxury, while the second is income-
inferior: so the income effects for these two asset categories are the precise opposite of the
corresponding wealth effects. Greater income uncertainty (YVOL) reduces the allocation
to state pension wealth. The inflation loss on financial assets (
.
PF ), which is not adequately
compensated in their real returns, causes a long-run shift away from financial assets.
Of the demographic variables: an increase in the dependency ratios of both the young
and old (YOUTHDR and AGEDR) induces greater human capital accumulation at the
expense of both net financial and private pension assets, while an increase in life ex-
pectancy (LIFEXP) causes large switches away from financial and housing assets towards
pension assets and human capital accumulation20. In terms of labour market factors: a
rise in unemployment (UN ) lowers human capital accumulation in favour of pension asset
accumulation, while a rise in the age participation rate (AGEPR) reduces the need to
accumulate human capital, but raises the demand for housing21.
(AGEPR) has the effect of raising the weight in state pension assets at the expense of human capital.
Government savings (GS) complement housing and state pension assets at the expense of net financial
assets, and pension fund surpluses (SURPLUS) raise the demand for net financial assets and reduce the
demand for state pensions.
20Increasing life expectancy does not increase human capital which is measured by the discounted value
of career not lifetime earnings
21The remaining elasticities are hard to explain. There is evidence of a long-run spillover effect from the
government sector, with government savings (GS) acting as a complement to housing and private pension
wealth and a substitute for state pension wealth. Corporate savings (CS) substitute for housing assets,
while rising pension fund surpluses (SURPLUS), although having no long-run effect on the demand for
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Finally, in Table 3.5, we report the speed of adjustment of each portfolio share to
a shock to each equation of (3.1) equal in size to the estimated standard error of that
equation, with the adjustment to the human capital share determined residually. The
table indicates that the adjustment is fairly slow. It takes an average of 11 years for
private pension wealth to fully adjust, and 18 years for both net financial wealth and
human capital to fully adjust, with housing and state pension wealth averaging 16 years.
Clearly, net financial wealth is used to make key indirect adjustments to the other portfolio
weights, otherwise its portfolio adjustment would be much more rapid.
4. Conclusion
There have been substantial changes in the UK personal sector’s asset allocation over the
post-war period. The share of net financial wealth in total wealth has been on a falling
trend, while the shares of housing and pension wealth have been on a rising trend. The
share of human capital has been stable within a relatively narrow band, between 75%
and 81% of total wealth. We have examined whether these changes could be explained
by a FAIDS model with standard wealth and interest rate effects, but augmented by
factors relating to the income, demographic and labour market status, capital market
imperfections, and spillover effects from other sectors.
We found that wealth effects were very important for determining trend shifts in asset
allocations, and certainly more important than relative returns. The main explanation
for the declining portfolio weight in net financial wealth was the combination of rising
per capita wealth over the post-war period and a negative long-run wealth elasticity. In
contrast, positive wealth elasticities explained much of the rise in portfolio weights in the
other asset categories. We found that net financial wealth, housing wealth and private
pension wealth were complements, and each was a substitute for state pension wealth.
While an index of financial deregulation was not statistically significant, implying that
capital market imperfections did not have a pervasive influence on the asset allocation over
the sample period, there was some evidence that liquidity constraints were present, but
only in respect of financial asset holdings and human capital: the former is subject to a
strong positive current income effect, while the latter is subject to a small but significant
negative income effect22. Income volatility had little long-run impact, except to lower
state pension wealth. The inflation loss on financial assets reduces the long-run holdings
of financial assets without inducing any significant switch towards other assets, and results
presented in [13]Blake (1999, Table 4.3) indicate that the inflation loss on financial assets
also lowers long-run consumption: so inflation appears to exert a deadweight loss on the
personal sector.
Demographic variables were also found to be important, especially rising longevity
which induces substantial switches in the portfolio towards both pension and human cap-
ital accumulation and away from financial and housing assets. An individual’s status in
the labour market also impacts on the asset allocation, with unemployment, for exam-
ple, causing a switch away from human capital accumulation towards pensions. Finally,
we conclude that the good fit of the estimated equations provides evidence against the
hypothesis that the illiquid or mandatory or contractual nature of some asset categories
limits the ability of individuals to alter their holdings in other asset categories in order to
achieve a desired long-run portfolio across all categories, although the speed of adjustment
private pension wealth, induce a small but significant shift between housing and financial assets.
22The stable long-run share of human capital in total wealth is explained by the combination of a
long-run wealth elasticity exceeding unity and a negative long-run income elasticity.
